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Fig.2 GC and proposed algorithm estimate depth maps
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Tab 2 Virtual image quality assessment
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rendering for mobile Consumer

Virtual view synthesis for free viewpoing video

LI Han, CHENG Hao ,FENG Xian-cheng

(School of Telecomunication&.Information Engineering, Wuhan Institute of Technoloy, Wuhan 430205, China)

Abstract: An effective virtual view synthesis approach was proved by utilizing the technology of depth-

image-based rendering (DIBR). This papers was utilized a fast depth images estimation based on SSD

algorithm and graph cuts algorithm. First, the SSD matching method was used as a similarity decision

criterion to determine the initial disparity map. When the energy function is constructed to calculate the

depth map. Simulation results demonstrate that the fast algorithm provides high PSNR and synthesised

good views.

Key words: graph cuts;SSD algorithm;depth images estimation; DIBR.
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