5539445 50 V) G N B N S ¢ Vol.39 No.5
20174F 10 H Journal of Wuhan Institute of Technology Oct. 2017

XEHS 1674 - 2869(2017)05 — 0496 - 07

ULZL AP e Je A I A & 40 19 53 B 77 ik ke

X"] gl,S)%;g;&%l,3’i§J£7}*2’é E&‘l,S
LBERMBEAHNLEEEEZRE (XX TREKRF), H KX 430205;
.M BGFHFR A S ERE A, A KL 430205;
3R IERRFHIEAMAFES TR, A XL 430205

W OE LA GRE TO B DN AR T T Rl 5 5 R 7 8 R R R T AR RS A TR
LT A6 (1) FE A JHR K 45 2830 21 ANG 1S 43 BT J7 1 30 21 40 1% TC A5 I B A o B0 43 A D 2k Ol i e
FE A AT AR B 1S DL SORE R MR R A PN TE G FR ST AF I Y B A TR S S Ty vk S A e /D e A L
BT 53 AT I8 BP A 28 2% SR SRR B AL L K SR 08 43 IS ARV R M 43 AT 1 S L s B A T R AR 11
XF LG W5 2 B < S o) i LR R T £ A0 ' R RO 4 BT O 1k R ok — A EEE G A 5 5 1]

KB T LLAMGIE s TR 5 B 43 BT O 1k

FE 525 R857.3 X EkARIZAD : A doi: 10. 3969/j. issn. 1674-2869. 2017. 05. 001

Overview of Data Analysis Methods in Near-Infrared Spectroscopy
Nondestructive Testing

LIU Jun'®,WU Mengting'® ,TAN Zhenglin®,LI Wei'"
1.Hubei Key Laboratory of Intelligent Robot (Wuhan Institute of Technology), Wuhan 430205, China;
2.Department of Cuisine and Nutrition Education, Hubei University of Economics, Wuhan 430205, China;

3. School of Computer Science and Engineering, Wuhan Institute of Technology, Wuhan 430205, China

Abstract: Near-infrared spectroscopy nondestructive testing technology can be used for variety identification
and the qualitative or quantitative analysis of agricultural products. The basic principle of near-infrared
spectroscopy and the methods of near-infrared spectrum analysis were introduced. The data analysis methods in
near-infrared nondestructive testing technology aim at finding the relationship between the spectrum and the
corresponding concentration through the quantitative analysis of the spectrum, and establishing the
corresponding mathematical model, which mainly include partial least squares regression, principal component
analysis, back propagation artificial neural network, support vector machine (SVM) , K-Nearest neighbor
classification algorithm and linear discriminant analysis. The comparison result of these analytical models show
that SVM method may be a future research direction in near infrared spectrum data analysis.
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